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) value (vertical line). We exclude them for a clear view of the posterior distribution.
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The co-variance matrix estimated by MLE is significantly biased to the right of the
assumed true value due to the Poisson model’s over fitting.

We combine the two stages into one by adding time series likelihood for the latent
parameters and gained the posterior distribution with the MCMC procedure.

The Bayesian method provides an improved fit to the hyper parameter V..
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2) approximately unbiased fit to V.
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